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Quantifying the redundancy between prosody and text (FEXRE | HRAF - HREEEMT)
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[1] Aleksandr Beknazaryan et al. 2019. On mutual information estimation for mixed- pair random variables. Statistics & Probability Letters.
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[1] David McAllester and Karl Stratos. “Formal Limitations on the Measurement of Mutual Information”. PMLR 2020.
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Mean and standard deviation of mutual information between text and prosody
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Mean and standard deviation of mutual information between text and prosody
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Mean and standard deviation of mutual information between text and prosody
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Mean and standard deviation of mutual information between text and prosody
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[1] Peter R Hawkins. 1971. “The syntactic location of hesitation pauses.” Language and Speech




Quantifying the redundancy between prosody and text (FEXRE : ERAFE - HEEEET)

Mean and standard deviation of mutual information between text and prosody
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